
Making Analytics Recommendations Work: A Practical Guide
for Restaurant Owners

Overview
Analytics provides powerful insights, but the best decisions come from combining data-driven
recommendations with your unique business knowledge. This guide provides real-world scenarios
with examples showing how to interpret and apply analytics recommendations in contexts where market
conditions, customer behavior, and strategic goals matter.
Through these scenarios, you'll see two important dynamics at play:

1. Owner's Context Can Override Analytics: Sometimes your business knowledge, market
understanding, or strategic goals lead you to make decisions that differ from what analytics
suggests. These examples show when and why that's the right choice.

2. Analytics Can Reveal Hidden Strategic Value: Sometimes analytics uncovers patterns,
relationships, or opportunities that your instincts and experience couldn't detect. These examples
demonstrate how data can reveal strategic value you might otherwise miss.

This is more than a guide—it's a collection of practical examples that illustrate how analytics and context
work together (or sometimes in tension) to produce better business decisions. Each scenario shows the
impact that both analytics and your business judgment can have on interpreting data and insights.

How to Use This Guide
Each scenario follows this structure:
What analytics shows: The data-driven insight and recommendation
What you add: Your business context, market knowledge, and strategic judgment
The value: How analytics and your expertise work together for better decisions

Scenario 1: Price Recommendations
The Recommendation
Analytics identifies items with pricing opportunities based on food cost percentages and contribution
margins.

What Analytics Shows
"This item has a 15% food cost and high volume—you have margin room"

"You could raise prices 10–15% and still maintain healthy margins"

"This item's contribution margin is below category average—pricing adjustment could
improve profitability"

Analytics calculates your costs, margins, and compares them to your own menu's distribution. It identifies
opportunities where you have room to increase prices without hurting margins.



What You Add
Check competitor pricing — Is your item already priced higher than competitors? Raising it further
might drive customers away.

Test customer price sensitivity — How have customers reacted to past price changes? Are they
price-sensitive for this item?

Consider market positioning — Is this a premium item that should command higher prices, or a
value item that drives traffic?

Evaluate strategic role — Is this a loss leader that brings in customers who order higher-margin
items?

Make the final pricing decision — Based on all factors, not just margin data.

The Value
Analytics flags items with pricing opportunity. You validate with market knowledge and decide.

Analytics doesn't tell you what to charge—it shows you have room to raise prices based on your costs and
margins. It's a starting point, not the final answer.

Example 1 (Owner's Context Overrides Analytics):

Analytics: "Grilled Salmon has 18% food cost—you could raise price by $3 and maintain 30%
margin."

Your context: "Competitor charges the same price. This is our signature dish with premium
ingredients and presentation. We'll raise by $1 to reflect our quality advantage while staying
competitive."

Result: Data-informed decision that balances margin opportunity with market positioning—raising
price to capture value without losing competitive edge.

Example 2 (Analytics Reveals Hidden Strategic Value):

Analytics: "Analysis of price sensitivity shows: Caesar Salad sales dropped 15% when price
increased from $12 to $13, but only 3% when increased from $13 to $14. Customers are price-
sensitive at the $12 threshold but accept $14. Also, when Caesar Salad is priced at $14, customers
order it with entrees 40% more often (vs. 25% at $12), increasing average check by $8."

Your context: "I've been keeping it at $12 because I thought customers wouldn't pay more for a
salad. I didn't realize there was a price threshold or that higher pricing would drive more entree
pairings."

Result: Raise price to $14. Analytics revealed hidden price elasticity and pairing behavior—the
higher price not only improves margin but also drives higher average checks through increased
entree pairings. Your instincts about price sensitivity were correct at $12, but analytics showed you
could go higher.

Scenario 2: Menu Item Removal
The Recommendation
Analytics identifies "Dog" items (low popularity, low profit) and recommends removal to simplify the menu
and reduce costs.

What Analytics Shows
"These 5 items have low popularity (< 3%) and low contribution margins"

"Removing these items could reduce food costs by $X/month"

"These items rarely sell and don't contribute meaningfully to revenue"

Analytics calculates popularity (sales frequency) and profitability (contribution margin) to identify items
that underperform on both dimensions.



What You Add
Consider strategic value — Is this a loss leader that brings in customers who order profitable
items?

Evaluate customer perception — Does removing this item change how customers view your menu
(e.g., removing the only vegetarian option)?

Assess operational impact — Does this item share ingredients with popular items (minimal waste if
removed)?

Review seasonal patterns — Does this item sell well during certain times of year that aren't
reflected in this analysis period?

Test before removing — Can you first try repositioning, bundling, or adjusting price?

The Value
Analytics identifies underperformers. You determine if they serve a strategic purpose beyond the
numbers.

Analytics shows what's not working financially, but it can't see the strategic role an item might play in
attracting customers, filling menu gaps, or supporting other sales.

Example 1 (Owner's Context Overrides Analytics):
Analytics: "Caesar Salad has 2% popularity and low margin—recommend removal."

Your context: "This is our only salad option. Vegetarian customers come specifically for it, then
order appetizers and drinks. It's a traffic driver."

Result: Keep the item, but consider repositioning it as a bundle option or adjusting portion size to
improve margin.

Example 2 (Analytics Reveals Hidden Strategic Value):

Analytics: "Bruschetta has 3% popularity and low margin, BUT of that 3%, it appears with high-
margin entrees 45% of the time. When customers order Bruschetta, their average check increases
by $12. It's a strategic add-on, not a standalone item."

Your context: "I was about to remove it because it doesn't sell well on its own. I didn't realize it was
driving higher checks when paired with entrees."

Result: Keep Bruschetta but reposition it as an add-on recommendation. Train servers to suggest it
with entrees. Analytics revealed its strategic value that your sales data alone didn't show—it's not a
weak item, it's a profit driver when positioned correctly.

Scenario 3: Discount Timing Optimization
The Recommendation
Analytics identifies when discounts occur and recommends optimizing timing to avoid giving discounts
during busy periods when they don't increase demand.

What Analytics Shows
"Discounts are concentrated during Dinner (peak hours) instead of slow periods"

"Discounts during busy periods don't increase demand—kitchen is already at capacity"

"Discounts near closing time may extend labor hours unnecessarily"

Analytics correlates discount timing with operational capacity (revenue per hour, table turns) to identify
inefficient discount patterns.



What You Add
Evaluate promotional strategy — Are these discounts part of a planned promotion (e.g., "Happy
Hour") that drives traffic at specific times?

Consider customer acquisition — Are discounts during busy periods intentional to attract new
customers who might become regulars?

Review staff training — Are discounts during busy periods a sign of staff giving discounts to
manage stress, or a policy issue?

Assess competitive pressure — Are you matching competitor promotions that run during peak
hours?

Test alternative timing — Can you move discounts to slow periods and measure the impact on
traffic?

The Value
Analytics reveals when discounts are inefficient. You determine if they serve a strategic purpose or
need policy changes.

Analytics shows the operational inefficiency, but you know if the discount timing is intentional
(promotional strategy) or unintentional (staff behavior, policy gaps).

Example 1 (Owner's Context Overrides Analytics):

Analytics: "Discounts spike at 7 PM (peak dinner) when kitchen is at capacity—inefficient use of
discounts."

Your context: "We run a 'Date Night Special' promotion on Fridays to attract couples. It's intentional
and drives reservations."

Result: Keep the promotion, but review if discounts are also being given outside the promotion
policy during peak hours.

Example 2 (Analytics Reveals Hidden Strategic Value):

Analytics: "Analysis shows: (1) Discounts during 2-4 PM (slow period) drive 35% more transactions
than discounts during 7-9 PM, (2) Slow-period discounts increase average check by $5 (customers
order more when not rushed), while peak-period discounts reduce average check by $3, (3)
Discounts during peak hours occur when kitchen is at capacity, so they don't increase demand—
just reduce profit."

Your context: "I've been giving discounts during peak hours to manage wait times and keep
customers happy. I didn't realize slow-period discounts would be more effective at driving traffic
and higher checks."

Result: Shift discount strategy to slow periods (2-4 PM). Analytics revealed hidden patterns—slow-
period discounts not only turn idle capacity into revenue but also drive higher average checks and
more transactions. Your instinct to use discounts for customer satisfaction was right, but analytics
showed you the optimal timing.

Scenario 4: Labor Efficiency Optimization
The Recommendation
Analytics identifies periods with high labor costs relative to revenue and suggests optimizing staffing
levels.

What Analytics Shows
"Labor costs are 38% of revenue during Lunch (vs. 28% during Dinner)"

"Table turns are slower on weekends, reducing revenue per labor hour"

"Staffing levels don't align with revenue patterns—overstaffed during slow periods"

Analytics calculates labor cost percentages, revenue per labor hour, and table turn rates to identify
inefficient staffing patterns.



What You Add
Consider service quality standards — Are slower table turns intentional to provide a premium
dining experience?

Evaluate customer expectations — Do customers expect longer, more relaxed meals during
certain times (e.g., weekend brunch)?

Assess training needs — Are slower turns due to understaffing (service bottlenecks) or
overstaffing (lack of urgency)?

Review scheduling constraints — Are staffing patterns driven by employee availability, union
rules, or other constraints?

Test gradual adjustments — Can you adjust staffing incrementally and measure impact on both
service quality and costs?

The Value
Analytics identifies labor inefficiencies. You balance cost optimization with service quality and
customer experience.

Analytics shows where labor costs are high relative to revenue, but it can't see if slower service is
intentional (premium experience) or unintentional (operational issues).

Example 1 (Owner's Context Overrides Analytics):

Analytics: "Table turns are 20% slower on Saturday nights, reducing revenue per labor hour.
Analysis shows: (1) Average time between appetizer and entree order is 45 minutes (vs. 30 minutes
on weekdays), (2) Tables wait 12 minutes on average for the check after finishing their meal, (3)
Kitchen ticket times are 8 minutes longer for certain items during peak Saturday hours."

Your context: "Saturday is our 'date night' service—customers expect a 2-hour dining experience.
Faster turns would hurt our brand."

Result: Accept the slower turns as part of the premium experience, but address specific
inefficiencies: (1) Improve server efficiency—take drink orders within 2 minutes of seating and offer
wine pairings earlier in the meal to reduce idle time, (2) Implement table-side payment processing
to eliminate the 12-minute wait for checks after meal completion, (3) Pre-prep commonly ordered
items or adjust Saturday menu to reduce kitchen bottlenecks that delay course delivery. These
optimizations can reduce table time by 15-20 minutes without rushing customers, improving
revenue per labor hour while maintaining the premium experience.

Example 2 (Analytics Reveals Hidden Strategic Value):

Analytics: "Analysis reveals: (1) Tables with 4+ people have 30% slower turns but generate 45%
more revenue per table hour than 2-person tables, (2) Large party tables order appetizers and
desserts 60% more often, increasing average check by $22, (3) Large parties return 50% more
often and bring additional guests on return visits. The slower turns for large parties are actually
more profitable."

Your context: "I've been trying to limit large party reservations because they slow down service. I
didn't realize they were driving significantly more revenue per table hour and repeat business."

Result: Prioritize large party reservations and optimize service flow for them. Analytics revealed
hidden value—large parties aren't a problem to minimize, they're a profit driver. Your concern about
slower service was valid, but analytics showed the financial benefit outweighs the operational
challenge.

Scenario 5: Waste Reduction
The Recommendation
Analytics identifies high-waste items and reasons, recommending portion adjustments, ordering changes,
or prep process improvements.



What Analytics Shows
"Cajun Shrimp Tacos have the highest waste cost ($X/week) due to spoilage"

"Waste reason: 'Dropped' accounts for 40% of total waste costs"

"Items with longer prep times have higher waste during busy periods"

Analytics correlates waste data with sales patterns, prep times, and operational timing to identify root
causes.

What You Add
Distinguish patterns from one-time events — Was this week's waste spike due to a one-time
event (catering cancellation, equipment failure) or a recurring pattern?

Evaluate portion standards — Are large portions intentional (value proposition, customer
expectations) or can they be adjusted?

Consider supplier issues — Is waste due to poor ingredient quality, delivery delays, or supplier
problems rather than internal processes?

Review prep processes — Are prep batches too large for actual demand, or is waste due to quality
control (intentional discarding of subpar items)?

Test solutions incrementally — Can you adjust ordering, prep batches, or portion sizes and
measure the impact?

The Value
Analytics identifies waste patterns. You determine if they're one-time events, strategic choices, or
operational issues to fix.

Analytics shows what's being wasted and when, but you know if it's a recurring problem or a one-time
event, and whether portion sizes or prep processes are intentional or need adjustment.

Example 1 (Owner's Context Overrides Analytics):
Analytics: "Waste cost increased 30% this week—'Spoilage' items are the primary cause."

Your context: "We had a large catering order cancel last minute. The prep was already done, so we
had excess inventory that spoiled. This is a one-time event."

Result: Note the one-time spike, but if spoilage waste remains high in future weeks, investigate
ordering practices, prep batch sizes, or inventory management.

Example 2 (Analytics Reveals Hidden Strategic Value):

Analytics: "Analysis reveals: (1) 'Overprep' waste accounts for 45% of total waste costs, not
spoilage as previously thought, (2) Items with 20+ minute prep times have 3x higher waste rates
during busy periods (kitchen rushes and makes mistakes), (3) Waste for these items is 60% lower
when prepped in smaller batches during slow periods. The root cause isn't ordering—it's prep
timing and batch sizes."

Your context: "I've been focusing on reducing ordering to cut waste. I didn't realize the real issue
was overprepping during busy periods and that prep timing was the problem."

Result: Adjust prep schedules—prep complex items in smaller batches during slow periods instead
of large batches before busy periods. Analytics revealed the hidden root cause—it's not about
ordering less, it's about when and how you prep. Your focus on ordering was logical, but analytics
showed the real inefficiency.

Scenario 6: Table Turn Optimization
The Recommendation
Analytics identifies tables with long durations and low revenue per table hour, suggesting strategies to
increase turns or upsell.



What Analytics Shows
"Tables staying 2+ hours generate $45/hour revenue (vs. $65/hour average)"

"Large groups (6+ people) have slower turns and lower revenue per person"

"Weekend tables turn 25% slower than weekdays, reducing capacity utilization"

Analytics calculates table duration, revenue per table hour, and correlates with party size and day of week
to identify optimization opportunities.

What You Add
Consider atmosphere and experience — Is a longer dining experience part of your brand (fine
dining, social gathering spot)?

Evaluate customer behavior — Are long stays due to customers enjoying the experience (good) or
slow service (bad)?

Assess strategic value — Do long-staying customers order more over time (appetizers, drinks,
desserts) or just occupy tables?

Review reservation policies — Can you implement time limits for certain periods without hurting
customer satisfaction?

Test upsell strategies — Can you increase revenue per table (desserts, drinks, coffee) without
rushing customers?

The Value
Analytics identifies revenue per table hour opportunities. You balance efficiency with customer
experience and brand positioning.

Analytics shows where table turns are slow, but it can't see if long stays are intentional (premium
experience) or unintentional (service issues), or if they serve a strategic purpose (social gathering spot).

Example 1 (Owner's Context Overrides Analytics):
Analytics: "Tables staying 2+ hours generate $45/hour—slower than average. Consider strategies to
increase turns."

Your context: "We're a neighborhood spot where friends gather for long conversations. Long stays
are part of our brand. But we can increase revenue per table with dessert and coffee upsells."

Result: Keep the relaxed atmosphere, but implement server training for dessert/coffee upsells to
increase revenue per table without rushing customers.

Example 2 (Analytics Reveals Hidden Strategic Value):
Analytics: "Analysis reveals: (1) Tables that stay 2+ hours actually generate $65/hour in the first
hour (appetizers, entrees, drinks), then $25/hour in the second hour (desserts, coffee, additional
drinks), (2) These long-stay tables order 2.5x more drinks than average and have 40% higher total
revenue per table than quick-turn tables, (3) The 'slow' revenue per hour ($45/hour average) is
misleading—these tables generate $120+ total revenue vs. $60 for quick-turn tables. The longer
stay means more courses and drinks ordered."

Your context: "I've been trying to speed up table turns because the revenue per hour looked low. I
didn't realize these long-stay tables were generating so much more total revenue and higher drink
sales."

Result: Prioritize and optimize for long-stay tables (better seating, server assignments, drink
service). Analytics revealed hidden value—these aren't inefficient tables, they're your highest-
revenue tables. Your concern about revenue per hour was valid, but analytics showed the total
revenue value you were missing.

Scenario 7: Specials Performance Tracking
The Recommendation
Analytics identifies high-performing specials and recommends making them permanent menu items, or
identifies underperforming specials to discontinue.



What Analytics Shows
"Prime Rib Saturday Special outperforms regular menu items—consider making it
permanent"

"This special has appeared in 3+ analyses and consistently performs well"

"This special has low popularity—consider discontinuing or adjusting"

Analytics tracks specials across multiple analyses (for subscription accounts) and compares their
performance to regular menu items.

What You Add
Consider seasonal relevance — Is this special tied to a season, holiday, or local event that makes
it inappropriate as a permanent item?

Evaluate ingredient availability — Can you source the ingredients consistently year-round at the
same cost?

Assess customer expectations — Do customers view this as a "limited-time" item that would lose
appeal if made permanent?

Review operational complexity — Does this special require prep or skills that aren't sustainable for
daily service?

Test before committing — Can you run it as a "featured item" for a few months before making it
permanent?

The Value
Analytics identifies specials with strong performance. You determine if they're suitable as
permanent items based on operational, seasonal, and strategic factors.

Analytics shows which specials perform well, but it can't see if they're seasonal, operationally complex, or
strategically better as limited-time offers.

Example 1 (Analytics Reveals Hidden Value):

Analytics: "Prime Rib Saturday Special has appeared in 4 analyses over 3 months. It has 15%
popularity (vs. 8% average for regular entrees) and pairs with high-margin items in 60% of orders.
Analysis shows it drives $X more revenue per table when ordered. Recommend making it
permanent."

Your context: "I thought it was just a decent weekend special. I didn't realize it was driving that
much additional revenue or pairing so well with our wine selection. The ingredient cost is
manageable year-round."

Result: Make it permanent based on analytics revealing hidden strategic value (pairing behavior and
revenue impact) that your instincts didn't catch. Analytics proved it's not just a good special—it's a
strategic menu item that boosts overall profitability.

Example 2 (Owner's Context Overrides Analytics):

Analytics: "Lobster Roll Special has 12% popularity and high margin—recommend making it
permanent."

Your context: "This is a summer special tied to local lobster season. Ingredient costs triple in winter,
and customers expect it as a seasonal treat."

Result: Keep it as a seasonal special, but consider extending the season or creating a year-round
alternative (e.g., "Lobster Roll - Market Price" during off-season).

Scenario 8: High Food Cost Items
The Recommendation
Analytics identifies items with high food cost percentages and recommends supplier negotiations, portion
adjustments, or price increases.



What Analytics Shows
"Grilled Salmon has 42% food cost (vs. 28% category average)"

"You're spending $X more on ingredients for this item than similar items"

"This item's food cost is above the 75th percentile—investigation recommended"

Analytics calculates food cost percentages and compares them to your menu's distribution to identify
items with unusually high costs.

What You Add
Distinguish quality from inefficiency — Is high food cost due to premium ingredients (intentional
quality choice) or supplier pricing/portion issues?

Evaluate supplier relationships — Can you negotiate better pricing, or is this supplier the only
source for quality ingredients?

Consider portion standards — Are large portions intentional (value proposition) or can they be
adjusted without hurting customer satisfaction?

Review recipe accuracy — Are food costs calculated correctly, or are there
measurement/portioning errors in the kitchen?

Test alternatives — Can you test a slightly smaller portion or alternative ingredient without
noticeable quality difference?

The Value
Analytics flags high food cost items. You determine if it's a quality choice, supplier issue, or
operational inefficiency.

Analytics shows where food costs are high, but it can't see if it's intentional (premium ingredients) or
unintentional (supplier pricing, portion issues).

Example 1 (Owner's Context Overrides Analytics):
Analytics: "Wagyu Burger has 45% food cost—well above average. Consider supplier negotiations
or portion adjustments."

Your context: "This is our premium signature item. We use certified Wagyu beef from a specific
supplier. The high cost is intentional for quality."

Result: Accept the high food cost as part of the premium positioning, but review if there are other
high-cost items where cost isn't justified by quality or customer perception.

Example 2 (Analytics Reveals Hidden Strategic Value):
Analytics: "Truffle Pasta has 48% food cost, BUT analysis shows: (1) When customers order it, their
average check increases by $18, (2) It pairs with high-margin wine in 70% of orders, (3) It's ordered
by 25% of first-time customers who become repeat diners. The high cost is justified by strategic
value."

Your context: "I was considering removing it or finding cheaper truffle oil because the food cost
seemed too high. I didn't realize it was driving customer acquisition and higher checks."

Result: Keep the high-cost item and even consider promoting it more. Analytics revealed its
strategic value—it's not just an expensive dish, it's a customer acquisition tool and revenue driver
that justifies the high food cost through increased average checks and repeat business.

Key Principles
1. Analytics Provides the "What" — You Provide the "Why"
Analytics identifies patterns, opportunities, and inefficiencies in your data. You provide the business
context, market knowledge, and strategic judgment to interpret and act on those insights.

2. Start with Analytics, Validate with Context
Use analytics as a starting point to identify opportunities, then validate with your market knowledge,
customer understanding, and strategic goals before making decisions.



3. Test Incrementally
When analytics suggests a change, test it incrementally and measure the impact. Don't make wholesale
changes based solely on data without considering operational and customer impact.

4. Balance Efficiency with Experience
Analytics often optimizes for efficiency (costs, turns, margins). You balance that with customer
experience, brand positioning, and long-term strategic goals.

5. Distinguish Patterns from Events
Analytics shows what happened in the data period. You know if it's a recurring pattern or a one-time
event, and whether it's intentional (strategic choice) or unintentional (operational issue).

Conclusion
Analytics is a powerful tool, but the best decisions come from combining data-driven insights with your
unique business knowledge. Analytics identifies opportunities and inefficiencies you might miss. You
provide the context, judgment, and strategic vision to turn those insights into actions that work for your
restaurant.

The value isn't in the analytics alone—it's in how you use analytics to inform decisions that align
with your market, customers, and strategic goals.

This guide is designed to help you interpret and apply analytics recommendations in real-world contexts.
For questions or support, contact our team.


